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The aim of this study was to determine whether dynamic computed tomography (CT)-measured liver volume predicts the risk of hepatocellular carcinoma (HCC) when the CT scans
do not reveal evidence of HCC in chronic hepatitis B (CHB) patients on surveillance.
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This retrospective multicentre cohort study included 1,246 patients who received entecavir and
regular HCC surveillance in three tertiary referral centres in South Korea. Liver volumes were
measured on portal venous phase CT images. A nomogram was developed based on Cox
independent predictors and externally validated. Time-dependent receiver operating characteristic (ROC) analysis was performed for comparison with previous prediction models.
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Results
Patients who received dynamic CT studies during surveillance had significantly higher risk
for HCC compared to patients without CT studies (hazard ratio [HR] = 3.1; p < 0.001).
Expected/measured liver volume ratio was an independent predictor of HCC (HR = 4.2; p =
0.002) in addition to age, sex and cirrhosis. The nomogram based on the four predictors discriminated risks for HCC (HR = 4.1 and 6.0 in derivation and validation cohort, respectively,
for volume score > 150; p < 0.001). Time-dependent ROC analysis confirmed better performance of the volume score compared to HCC prediction models with conventional predictors (integrated area under curve = 0.758 vs. 0.661–0.712; p < 0.05).

Conclusions
CT-measured liver volume is an independent predictor of future HCC, and nomogrambased liver volume score may stratify the risks of HCC in CHB patients who showed negative CT findings for HCC during surveillance.
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Introduction
Chronic hepatitis B virus (HBV) infection is the leading cause of HCC worldwide [1] and surveillance is recommended for CHB patients with increased risk for HCC [2–5]. Ultrasound
(US) examination is the main screening tool for HCC surveillance, but dynamic imaging techniques such as 4-phase multidetector computed tomography (CT) or dynamic contrast
enhancement magnetic resonance imaging (MRI) are requested for the diagnostic confirmation if US detects suspicious lesions [2, 3, 5–7]. Dynamic imaging studies are also considered
during surveillance when tumour marker levels increase unexpectedly or poor sonic window
prevents adequate US assessment [3, 5, 8]. If dynamic imaging does not reveal definite evidence of HCC, either biopsy or close follow-up is recommended [2, 3, 5, 6]. However, biopsy
has not only risks but also limitations in distinguishing well-differentiated HCC from other
non-malignant macronodules [9]. Therefore, “enhanced follow-up” [2] is frequently opted for
according to the stratified risk for HCC when dynamic imaging studies do not reveal diagnostic findings of HCC. However, the clinical outcome of this patient group has not been welldefined, even less risk stratification strategies.
Liver volume decreases as hepatic fibrosis progresses in CHB [10, 11]. Liver volume correlates with degree of hepatic dysfunction in liver cirrhosis [12, 13], but it may decrease even
when liver function is still well preserved.[12, 13]. Liver volumetry has been successfully used
for preoperative planning for major hepatic resections and living related donor liver transplantation [14, 15]. It can be speculated that small liver size may represent increased risk for HCC
as a consequence of prolonged hepatic fibrosis, but this intuitive notion has not yet been quantitatively elucidated in chronic viral hepatitis.
In this study, we sought to determine whether CT-measured liver volume predicts future
development of HCC when the CT scans during surveillance do not show evidence of HCC in
chronic hepatitis B (CHB) patients.

Materials and methods
Patients
This multicentre retrospective cohort study included consecutive CHB patients who started entecavir (ETV) therapy, one of the first-line oral antiviral agent for chronic HBV infection, between
2007 and 2016 in three tertiary care centres. The institutional review board (IRB) and ethnics
committee of each participating hospital approved this study (Seoul National University Bundang
Hospital IRB no. B-1609/361-102, and Ajou University Hospital IRB no. AJIRB-BMR-KSP-13168). Clinical investigations were conducted according to the principles expressed in the Declaration of Helsinki. The requirement for informed consent was waived by the IRBs due to the retrospective nature of the study and the anonymous analysis of the data.
The inclusion criteria were CHB patients over 18 years who received ETV as an initial antiviral therapy. Patients were excluded if any of the following criteria was met: 1) duration of
HCC surveillance < 12 months; 2) diagnosis of HCC before or within 6 months after the initial
screening; 3) Child-Pugh class C cirrhosis; or 4) HCV or HIV coinfection, other malignancies
or organ transplantation. The index date was set to the date of initiation of ETV.
The study population was composed of derivation and validation cohort (Fig 1). The derivation cohort (n = 1,173) was built from consecutive patients in the previously reported liver
disease registry [16]. Among the patients in the derivation cohort, 429 received at least one
multidetector CT scan which did not reveal HCC and the other 744 did not receive CT scans
except for the confirmative CT in case of HCC detection (Table 1). The validation cohort was
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Fig 1. Flow chart of the study population.  HCV or HIV coinfection, other malignancy or organ transplantation.
†
Dynamic imaging (+) subgroup received at least one dynamic CT study during surveillance which revealed no
evidence of HCC: this subgroup served as the derivation dataset for liver volume analysis. No dynamic imaging
subgroup did not receive dynamic CT studies during surveillance, except for the confirmative imaging tests in case of
HCC. ETV, entecavir; HCC, hepatocellular carcinoma; NA, nucleos(t)ide analogue.
https://doi.org/10.1371/journal.pone.0190261.g001

composed of 73 consecutive patients from two separate centres who met the same inclusion /
exclusion criteria and received at least one multidetector CT scan during surveillance.
All patients were evaluated with biochemical and virologic blood tests before ETV treatment and at 3- to 6-month intervals thereafter. The surveillance program consisted of both
abdominal US and serum alpha-fetoprotein at 6-month intervals. Dynamic imaging studies,
i.e., 4-phase multidetector CT or dynamic contrast enhanced MRI, were performed if US
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showed > 1 cm new nodule(s) or if serially measured AFP levels increased progressively.
Dynamic imaging was also considered at the discretion of the attending physicians when US
examination was considered inadequate for detection of possible small HCC [5, 6, 8, 17].
Diverse models of ultrasonography, CT, and MR machines from different manufacturers were
used during the 10-year study period in the three investigating sites.
Liver cirrhosis was diagnosed histologically or clinically. Clinical liver cirrhosis was defined
as US features of cirrhosis (coarse liver echotexture with nodularity) plus evidence of portal
hypertension including ascites, splenomegaly, thrombocytopenia (< 100x109/L) and varices
[18]. HCC was diagnosed by biopsy or typical enhancing patterns on dynamic imaging techniques [5, 19].

Measurement of liver volume
Liver volume was measured on portal venous phase contrast-enhanced CT images which were
obtained within 6 months from the index date. The entire sections of portal phase liver images
were downloaded, transformed to a stack and outlined for calculation of cross-sectional area
by using ImageJ version 1.50i (http://imagej.nih.gov/ij) [20]. To reduce measurement errors,
the liver boundaries were semi-automatically determined using the Versatile Wand Tool
(https://imagej.nih.gov/ij/plugins/versatile-wand-tool/index.html, S1 Video).The inferior vena
cava and gallbladder were excluded from selection, whereas the intrahepatic portal veins were
included in the measured areas. The automatically calculated area of the liver was summed
and multiplied by the image interval. In order to correct the effect of body build, liver volume
index was calculated as a standard-to-measured volume ratio [13]:
Liver volume index ¼

CT

Formula liver volume ðmlÞ
measured liver volume ðmlÞ

where the formula liver volume was deduced from the body surface area (BSA): Formula liver
volume(ml) = 893.485 × BSA—439.169 (mL) [21]. The BSA was estimated with Du Bois’ formula: BSA = 0.007184 × (weight in kg) 0.425 × (height in cm)0.725 [22].
Liver volume was measured by single investigator (CSL). To assess the reproducibility of
volumetry, thirty patients were randomly selected and three different medical students measured live volume of the same patient. The inter-observer variability of volumetry was assessed
by Bland-Altman plot analysis [23].

Liver volume based HCC prediction model
Cox proportional hazard analysis was used to identify the independent predictors of future
HCC development. Next, we generated a nomogram from these independent predictors by
using R package rms in order to estimate the HCC risks in CHB. The performance of the HCC
prediction nomogram was tested by predictiveness curves, calibration and discrimination
analyses as recommended by the Transparent reporting of a multivariable prediction model for
individual prognosis or diagnosis (TRIPOD) statement [24]. Predictiveness curve was drawn by
R package WPC in order to visualize the impact of the volume score nomogram in HCC prediction [25]. Calibration curves were plotted using the R package rms with 150 bootstrap iterations. Kaplan-Meier curves were plotted for the discrimination analysis with the log-rank test.
The performances of the HCC prediction models were compared with previous prediction
models by time-dependent receiver operating characteristic (ROC) analyses of the Cox model
[26]. The integrated areas under the curves (iAUCs) were calculated with the R package risksetROC with 100 bootstrap iterations. The obtained iAUC was compared between the nomogram-based prediction model and the representative HCC risk prediction models, i.e.,
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Table 1. Characteristics of the study population.
Patients group

Derivation cohort

P value

(single centre, n = 1,173)

Validation cohort

P value

(two centres, n = 73)

Dynamic CT-

Dynamic CT+

Dynamic CT+

(n = 744)

(n = 429)

(n = 73)

Duration of follow-up (Mo)
Age, years

50 (49)
46 (15)

47 (67)
51 (15)

0.535
< 0.001

Male, n (%)

445 (60)

274 (64)

Liver cirrhosis, n (%)

222 (30)

278 (65)

Alpha-fetoprotein (ng/mL)

3.6 (4.1)

Albumin (mg/dl)

4.3 (0.7)

43 (45)
56 (15)

0.492
< 0.001

0.171

43 (60)

0.432

< 0.001

49 (67)

0.692

6.2 (19.6)

< 0.001

8.6 (19.0)

0.989

4.1 (0.7)

< 0.001

4.0 (0.7)

0.250

Bilirubin (mg/dl)

0.9 (0.5)

1.1 (0.7)

< 0.001

1. 1 (0.6)

0.203

HBV DNA (Log IU/L)

5.88 (3.59)

5.23 (4.40)

< 0.001

6.38 (1.77)

< 0.001

HBeAg positivity, n (%)

375 (51)

192 (46)

0.058

29 (40)

0.375

ALT (IU/L)

93 (123)

53 (69)

0.510

51 (47)

0.093

Platelet count, ×109/L

178 (75)

140 (82)

< 0.001

133 (67)

0.505

Prothrombin time (INR)

1.06 (0.10)

1.12 (0.20)

< 0.001

1.13 (0.38)

0.818

CT-measured liver volume (mL)

-

1138 (404)

-

1043 (375)

0.065

Volume index†

-

0.96 (0.27)

0.97 (0.25)

0.411



between derivation and validation cohort.

liver volume
†Volume Index = CTFormula
measured liver volume

Continuous variables are expressed as the median (interquartile range). P values are calculated by t-test or χ2 test for continuous and categorical variables, respectively.
HBeAg, hepatitis B e-antigen; ALT, alanine aminotransferase.
https://doi.org/10.1371/journal.pone.0190261.t001

GAG-HCC score (age, sex, HBV DNA and cirrhosis)[27], CU-HCC score (age, albumin, bilirubin, HBV DNA and liver cirrhosis) [28] and PAGE-B score (age, sex and platelet counts)
[29].

Statistical analysis
The statistical analyses were performed using STATA 14.2 (Stata Corp LLC, TX, USA) and R
statistical package version 3.3.1. Continuous and categorical variables were analysed with ttests and chi-square tests, respectively. A p value of <0.05 was considered significant.

Results
Baseline characteristics and HCC incidence of study cohorts
The baseline characteristics of the study cohorts are presented in Table 1. Analysis of the derivation cohort revealed that patients who received dynamic CT (n = 429) showed older age,
higher frequency of live cirrhosis, higher AFP levels and more advanced liver disease compared to patients without dynamic CT (n = 744). These results suggested that patients with
increased risk for HCC were more likely to received dynamic CT studies during surveillance.
Kaplan-Meier analysis confirmed that the incidence rate of HCC was significantly higher in
patients with dynamic CT imaging compared to patients without CT imaging (3.3 vs. 1.1 per
1000 person-year, respectively; p < 0.001 by log-rank test) (Fig 2). Cox univariate analysis also
indicated that patients with dynamic CT imaging had significantly increased risk for HCC
(hazard ratio [HR] = 3.1, 95% CI = 1.1–4.6; p < 0.001). There were no significant differences
between the derivation and validation cohort except for older age and higher baseline HBV
DNA loads in the validation cohort.
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Fig 2. Kaplan-Meier analysis of HCC incidence in the derivation cohort.
https://doi.org/10.1371/journal.pone.0190261.g002

Liver volume as an independent predictor of HCC
Next, we sought to determine whether CT-measured liver volume predicts future development
of HCC. Bland-Altman plot showed that the reproducibility of volumetry was good with limits
of agreement ranging between -7.4% and 5.4% (S1 Fig). Univariate Cox analysis of the 429
patients revealed that old age, male sex, presence of cirrhosis, low platelet count, detection of
hypovascular nodules(s) by dynamic imaging techniques and high liver volume index were
predictors of HCC development (Table 2). Multivariate analysis confirmed that decreased
liver volume, indicated by high liver volume index, was an independent risk factor for HCC,
along with old age, male sex and presence of cirrhosis. Sensitivity analysis showed that the volume index remained significant among patients with cirrhosis (HR = 5.1; 95% CI = 2.1–12.3;
p < 0.001).
Patients with high estimated risk might be not only more likely to receive CT studies but
also likely to visit hospitals more frequently, leading to increased detection of HCC. Indeed,
the frequency of hospital visits was significantly associated with risk for HCC. However,
adjustment for hospital visit frequencies did not significantly change the results of multivariate
Cox analysis (S1 Table).

Development of a liver-volume based model for predicting HCC risk
Since liver volume was an independent predictor of HCC, we wanted to develop a liver volume-based model for the prediction of HCC probability. For this purpose, a nomogram was
generated based on the Cox independent predictors (Fig 3A). The risk distribution of the score
sum of the nomogram, designated as the volume score, is presented in Fig 3B. Calibration

PLOS ONE | https://doi.org/10.1371/journal.pone.0190261 January 2, 2018

6 / 13

Liver volume predicts HCC

Table 2. Predictors of HCC development by Cox proportional hazard model.
Univariate
Parameters

Multivariate

HR

95% CI

P value

HR

95% CI

P value

Age

1.04

1.02–1.06

0.001

1.03

1.01–1.06

0.013

Male sex

1.86

1.05–3.29

0.034

2.00

1.12–3.56

0.020

3.05

1.23–7.55

0.016

0.99–1.00

0.089

Cirrhosis

5.04

2.18–11.65

< 0.001

HBV DNA (log IU/mL)

0.97

0.86–1.08

0.546

HBeAg positivity

0.76

0.47–1.23

0.266

AFP (ng/mL)

1.00

0.99–1.00

0.067

Albumin (g/dL)

0.71

0.50–1.01

0.057

Bilirubin (mg/dL)

0.98

0.87–1.11

0.606

PT INR

1.68

0.73–3.81

0.220

Platelet

0.99

0.98–0.99

< 0.001

0.99

Hypovascular nodule(s)

1.76

1.04–2.99

0.035

1.12

0.65–1.92

0.686

Volume Index

7.81

3.37–18.09

< 0.001

4.23

1.72–10.40

0.002

Abbreviation: AFP, alpha-fetoprotein; CI, confidence interval; HR, hazard ratio. P values are calculated by Cox regression analysis.


liver volume
Volume Index = CTFormula
measured liver volume

https://doi.org/10.1371/journal.pone.0190261.t002

analysis of the volume score showed fair agreements between the observed and nomogrampredicted HCC probability at 2, 4 and 6-years without significant deviation (S2 Fig).

Stratification of HCC risk by liver-volume based nomogram
Next, the nomogram was tested for discrimination in order to determine whether the volume
score can stratify the risks of HCC. Predictiveness curves suggested that volume score greater
than 150 was associated with a steep increase in the HCC risk. As expected, Kaplan-Meier
analysis showed that CHB patients with volume score > 150 had significantly higher risk for
HCC in both derivation and validation cohorts (Fig 4). The HR of volume score > 150 was 4.1
(95% CI 2.5–6.9, p < 0.001) and 6.0 (95% CI 2.0–18.0, p < 0.001) in the derivation and validation cohort, respectively.
Furthermore, time-dependent ROC analysis revealed that the performance of the volumebased prediction model was better compared to the previous HCC prediction models with
conventional predictors, i.e., GAG-HCC score [27], CU-HCC score [28] and PAGE-B score
[29] with the highest integrated AUC value for the volume-based prediction model (Fig 5,
p < 0.05).

Discussion
Dynamic liver imaging studies are frequently indicated during HCC surveillance in CHB,
either as confirmatory tools or as supplementary measures [5, 8] due to suboptimal sensitivity
of US in cirrhotic patients with nodular liver parenchyma [30, 31]. Our cohort data showed
that about one-thirds (429/1173) of CHB patients on ETV therapy and regular surveillance
received at least one dynamic CT scan, which did not reveal definite HCC. We also found that
these patients harbour 3-fold increased risk for HCC compared to patients without dynamic
CT imaging studies during surveillance. These data may be regarded as rationale for enhanced
follow-up in these patients, but HCC risk stratification within this high-risk group has not
been elucidated yet.
Our study showed that liver volume index was an independent predictor of HCC development in addition to age, sex and cirrhosis in CHB patients on oral antiviral therapy. Liver
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Fig 3. Development of HCC prediction model by Cox analysis. (A) Nomogram for predicting future HCC development based on Cox independent
predictors. Points of each parameters (Points axis) are summed to get the total points (Total Points axis), which are then transformed to get the
corresponding 2, 4 and 6-yr predicted probability for HCC. (B) Predictiveness curves of nomogram-based volume score (x-axis) plotted against predicted
probability of HCC-free survival (Y-axis).
https://doi.org/10.1371/journal.pone.0190261.g003

cirrhosis is a well-established risk factor for HCC and one of the most influential components
of several risk prediction models [27–29, 32]. However, current laboratory parameters such as
Child-Turcotte-Pugh score have limitations in further stratifying the HCC risks in compensated liver cirrhosis [33]. Liver stiffness measurement is a non-invasive marker of hepatic
fibrosis and has recently been reported to predict the HCC risk [34–36], but the prognostic significance of liver stiffness measurements is yet to be validated in established cirrhosis patients.
Our multivariate analysis indicated that liver volume was an independent predictor of HCC
regardless of presence of cirrhosis, and sensitivity analysis showed that liver volume index
remained as an independent factor in the subgroup of cirrhotic patients. Taken together, we
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Fig 4. Stratification of HCC probability by nomogram-based liver volume score. Kaplan-Meier probabilities of HCC
incidence were plotted according to the liver volume score cut-off of 150 in the derivation and validation cohort.
https://doi.org/10.1371/journal.pone.0190261.g004

Fig 5. Comparison of HCC probability prediction models by time-dependent ROC analyses. The nomogram-based
liver volume score model was compared to previously reported three HCC prediction models. The area under ROC
curves (AUCs) were plotted over time for each prediction models. The numbers indicate the integrated AUCs after 100
bootstrapping iterations [95% confidence interval]. Asterisk indicates p < 0.05 against nomogram-based liver volume
score model.
https://doi.org/10.1371/journal.pone.0190261.g005
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suggest that the additional predictive information of liver volume index may help sub-classify
the HCC risk of compensated cirrhosis according to the degree of volume shrinkage.
Several HCC prediction systems have been developed based on traditional risk factors for
HCC [27–29]. Liver volume-based nomogram showed fair calibration profiles, and discrimination analysis demonstrated that nomogram-based volume score was able to define highand low-risk group for future HCC. Moreover, time-dependent ROC analysis revealed that
nomogram-based volume score had superior performance compared to HCC prediction models based on conventional predictors. Taken together, our volume-based model may be clinically useful for identifying a “super-high” risk subgroup, i.e. volume score > 150, among CHB
patients who received CT scans during surveillance, since these patients may need enhanced
follow-up despite negative CT findings for HCC, as described above. Since our cohorts
received CT studies for diagnostic rather than prognostic purposes, however, the general application of CT volumetry for HCC prediction needs validation by prospective observations in
surveillance cohorts.
For liver volumetry, we used ImageJ freeware with the semi-automatic selection tool to
minimize measurement errors. Thanks to the edge-detecting tool, measurement of one patient
took approximately 5–10 minutes in experienced hands. This method can be easily implemented in any centre without additional resources as long as digital CT images are available
for analysis.
There are several limitations in this study. Firstly, our prediction model was developed and
validated in patients who previously received multidetector CT scans and inherently had
higher risk for HCC. Therefore, the usefulness of the liver volume index / score cannot be generalized to all CHB population as discussed above. Rather, the main application of volume
score is limited to patients for whom multidetector CT scans are already available or requisite
by the recall policy during HCC surveillance. Secondly, the retrospective nature of our study
warrants further validation by larger prospective design. Thirdly, the validation set was constructed by completed-case analysis [24] and had relatively small samples. Although the validation set gave concordant results with the derivation set and bootstrapping methods were used
to increase validity of our results, further validation would be needed. Fourthly, potent oral
antiviral agents may regress hepatic fibrosis, but our study was not long enough to observe the
potential follow-up changes in liver volumes. Longer follow-up analysis is warranted, preferably with changes in liver volume indices. Finally, liver stiffness data were not available for our
patients. Because the fibrosis stage may be related to the liver volume and HCC risk [35, 36],
comparison between volumetry and liver stiffness measurement is needed to optimize disease
stage-dependent prediction models for HCC.
In conclusion, CT-measured liver volume is an independent predictor of future HCC development, and volume-based prediction model can identify CHB patients with especially highrisk despite negative CT results for HCC during surveillance.

Supporting information
S1 Table. Cox HCC prediction model adjusted for hospital visit frequencies.
(DOCX)
S1 Fig. Bland-Altman plot showing inter-observer variability of liver volumetry. Differences in measured volumes (%) were plotted against average of liver volumes. The limits of
agreement (95% CI) ranged between -7.4% and 5.4%, and 3.3% (3/90) of measurements lay
outside the 95% limits of agreement.
(TIF)
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S2 Fig. Calibration curves of nomogram-based HCC prediction model. The nomogrampredicted 2, 4, and 6-year HCC-free survival rates were plotted against observed HCC-free survival rates at the top, middle a nd bottom row, respectively (left column, derivation cohort;
right column, validation cohort). Data were calculated with 100 bootstraps, and error bars
indicate 95% confidence intervals.
(TIF)
S1 Video. Measurement of liver volume by ImageJ software.
(MP4)

Acknowledgments
The authors thank Woosung Jeon, Hun Young Lim, Na Hyeon Song and Jungsoo Son for
measurements of liver volume.

Author Contributions
Conceptualization: Eun Sun Jang, Sook-Hyang Jeong, Jin-Wook Kim.
Data curation: Chung Seop Lee, Yong Jin Jung, Soon Sun Kim, Jae Youn Cheong, Ga Ram
Lee, Han Gyeol Kim, Beom Hee Kim, Jung Wha Chung, Eun Sun Jang, Sook-Hyang Jeong,
Jin-Wook Kim.
Formal analysis: Chung Seop Lee, Soon Sun Kim, Jae Youn Cheong, Ga Ram Lee, Han Gyeol
Kim, Jin-Wook Kim.
Funding acquisition: Jin-Wook Kim.
Investigation: Chung Seop Lee, Jin-Wook Kim.
Methodology: Chung Seop Lee, Kyung Ho Lee, Jin-Wook Kim.
Project administration: Jin-Wook Kim.
Resources: Chung Seop Lee, Yong Jin Jung, Jin-Wook Kim.
Software: Chung Seop Lee, Kyung Ho Lee, Jin-Wook Kim.
Supervision: Beom Hee Kim, Jung Wha Chung, Eun Sun Jang, Sook-Hyang Jeong, Kyung Ho
Lee, Jin-Wook Kim.
Validation: Jin-Wook Kim.
Visualization: Jin-Wook Kim.
Writing – original draft: Chung Seop Lee, Jin-Wook Kim.
Writing – review & editing: Beom Hee Kim, Jung Wha Chung, Eun Sun Jang, Sook-Hyang
Jeong, Kyung Ho Lee, Jin-Wook Kim.

References
1.

El-Serag HB. Epidemiology of viral hepatitis and hepatocellular carcinoma. Gastroenterology. 2012;
142(6):1264–73.e1. Epub 2012/04/28. https://doi.org/10.1053/j.gastro.2011.12.061 PMID: 22537432;
PubMed Central PMCID: PMCPmc3338949.

2.

Bruix J, Sherman M, Practice Guidelines Committee AAftSoLD. Management of hepatocellular carcinoma. Hepatology. 2005; 42(5):1208–36. https://doi.org/10.1002/hep.20933 PMID: 16250051.

3.

Omata M, Lesmana LA, Tateishi R, Chen PJ, Lin SM, Yoshida H, et al. Asian Pacific Association for the
Study of the Liver consensus recommendations on hepatocellular carcinoma. Hepatol Int. 2010; 4

PLOS ONE | https://doi.org/10.1371/journal.pone.0190261 January 2, 2018

11 / 13

Liver volume predicts HCC

(2):439–74. Epub 2010/09/10. https://doi.org/10.1007/s12072-010-9165-7 PMID: 20827404; PubMed
Central PMCID: PMC2900561.
4.

Yu SJ. A concise review of updated guidelines regarding the management of hepatocellular carcinoma
around the world: 2010–2016. Clin Mol Hepatol. 2016; 22(1):7–17. https://doi.org/10.3350/cmh.2016.
22.1.7 PMID: 27044761; PubMed Central PMCID: PMCPMC4825164.

5.

European Association For The Study Of The L, European Organisation For R, Treatment Of C. EASLEORTC clinical practice guidelines: management of hepatocellular carcinoma. J Hepatol. 2012; 56
(4):908–43. https://doi.org/10.1016/j.jhep.2011.12.001 PMID: 22424438.

6.

Kudo M, Matsui O, Izumi N, Iijima H, Kadoya M, Imai Y, et al. JSH Consensus-Based Clinical Practice
Guidelines for the Management of Hepatocellular Carcinoma: 2014 Update by the Liver Cancer Study
Group of Japan. Liver Cancer. 2014; 3(3–4):458–68. https://doi.org/10.1159/000343875 PMID:
26280007; PubMed Central PMCID: PMCPMC4531423.

7.

Omata M, Cheng AL, Kokudo N, Kudo M, Lee JM, Jia J, et al. Asia-Pacific clinical practice guidelines on
the management of hepatocellular carcinoma: a 2017 update. Hepatol Int. 2017; 11(4):317–70. https://
doi.org/10.1007/s12072-017-9799-9 PMID: 28620797; PubMed Central PMCID: PMCPMC5491694.

8.

Kudo M, Izumi N, Kokudo N, Matsui O, Sakamoto M, Nakashima O, et al. Management of hepatocellular carcinoma in Japan: Consensus-Based Clinical Practice Guidelines proposed by the Japan Society
of Hepatology (JSH) 2010 updated version. Dig Dis. 2011; 29(3):339–64. https://doi.org/10.1159/
000327577 PMID: 21829027.

9.

Roncalli M. Hepatocellular nodules in cirrhosis: focus on diagnostic criteria on liver biopsy. A Western
experience. Liver Transpl. 2004; 10(2 Suppl 1):S9–15. https://doi.org/10.1002/lt.20047 PMID:
14762832.

10.

Liu P, Li P, He W, Zhao LQ. Liver and spleen volume variations in patients with hepatic fibrosis. World J
Gastroenterol. 2009; 15(26):3298–302. https://doi.org/10.3748/wjg.15.3298 PMID: 19598307; PubMed
Central PMCID: PMCPMC2710787.

11.

Li WX, Zhao XT, Chai WM, Zhu NY, Du LJ, Huang W, et al. Hepatitis B virus-induced liver fibrosis and
cirrhosis: the value of liver and spleen volumetry with multi-detector spiral computed tomography. J Dig
Dis. 2010; 11(4):215–23. https://doi.org/10.1111/j.1751-2980.2010.00441.x PMID: 20649734.

12.

Ito K, Mitchell DG, Hann HW, Kim Y, Fujita T, Okazaki H, et al. Viral-induced cirrhosis: grading of severity using MR imaging. AJR Am J Roentgenol. 1999; 173(3):591–6. Epub 1999/09/02. https://doi.org/10.
2214/ajr.173.3.10470885 PMID: 10470885.

13.

Zhou XP, Lu T, Wei YG, Chen XZ. Liver volume variation in patients with virus-induced cirrhosis: findings on MDCT. AJR Am J Roentgenol. 2007; 189(3):W153–9. https://doi.org/10.2214/AJR.07.2181
PMID: 17715084.

14.

Higashiyama H, Yamaguchi T, Mori K, Nakano Y, Yokoyama T, Takeuchi T, et al. Graft size assessment by preoperative computed tomography in living related partial liver transplantation. Br J Surg.
1993; 80(4):489–92. PMID: 8495320.

15.

Kubota K, Makuuchi M, Kusaka K, Kobayashi T, Miki K, Hasegawa K, et al. Measurement of liver volume and hepatic functional reserve as a guide to decision-making in resectional surgery for hepatic
tumors. Hepatology. 1997; 26(5):1176–81. https://doi.org/10.1053/jhep.1997.v26.pm0009362359
PMID: 9362359.

16.

Chung JW, Kim BH, Lee CS, Kim GH, Sohn HR, Min BY, et al. Optimizing Surveillance Performance of
Alpha-Fetoprotein by Selection of Proper Target Population in Chronic Hepatitis B. PLoS One. 2016; 11
(12):e0168189. https://doi.org/10.1371/journal.pone.0168189 PMID: 27997559; PubMed Central
PMCID: PMCPMC5172583.

17.

Kokudo N, Hasegawa K, Akahane M, Igaki H, Izumi N, Ichida T, et al. Evidence-based Clinical Practice
Guidelines for Hepatocellular Carcinoma: The Japan Society of Hepatology 2013 update (3rd JSHHCC Guidelines). Hepatology research: the official journal of the Japan Society of Hepatology. 2015; 45
(2). https://doi.org/10.1111/hepr.12464 PMID: 25625806.

18.

Chan HL, Hui AY, Wong ML, Tse AM, Hung LC, Wong VW, et al. Genotype C hepatitis B virus infection
is associated with an increased risk of hepatocellular carcinoma. Gut. 2004; 53(10):1494–8. https://doi.
org/10.1136/gut.2003.033324 PMID: 15361502; PubMed Central PMCID: PMCPMC1774221.

19.

Bruix J, Sherman M, American Association for the Study of Liver D. Management of hepatocellular carcinoma: an update. Hepatology. 2011; 53(3):1020–2. https://doi.org/10.1002/hep.24199 PMID:
21374666; PubMed Central PMCID: PMCPMC3084991.

20.

Dello SA, van Dam RM, Slangen JJ, van de Poll MC, Bemelmans MH, Greve JW, et al. Liver volumetry
plug and play: do it yourself with ImageJ. World J Surg. 2007; 31(11):2215–21. https://doi.org/10.1007/
s00268-007-9197-x PMID: 17726630; PubMed Central PMCID: PMCPMC2039862.

21.

Um EH, Hwang S, Song GW, Jung DH, Ahn CS, Kim KH, et al. Calculation of standard liver volume in
Korean adults with analysis of confounding variables. Korean journal of hepato-biliary-pancreatic

PLOS ONE | https://doi.org/10.1371/journal.pone.0190261 January 2, 2018

12 / 13

Liver volume predicts HCC

surgery. 2015; 19(4):133–8. Epub 2015/12/23. https://doi.org/10.14701/kjhbps.2015.19.4.133 PMID:
26693231; PubMed Central PMCID: PMCPmc4683924.
22.

Du Bois D, Du Bois EF. A formula to estimate the approximate surface area if height and weight be
known. 1916. Nutrition. 1989; 5(5):303–11; discussion 12–3. PMID: 2520314.

23.

Bland JM, Altman DG. Comparing methods of measurement: why plotting difference against standard
method is misleading. Lancet (London, England). 1995; 346(8982):1085–7. Epub 1995/10/21. PMID:
7564793.

24.

Collins GS, Reitsma JB, Altman DG, Moons KG. Transparent reporting of a multivariable prediction
model for individual prognosis or diagnosis (TRIPOD): the TRIPOD statement. BMJ. 2015; 350:g7594.
https://doi.org/10.1136/bmj.g7594 PMID: 25569120.

25.

Janes H, Pepe MS, Bossuyt PM, Barlow WE. Measuring the performance of markers for guiding treatment decisions. Ann Intern Med. 2011; 154(4):253–9. https://doi.org/10.7326/0003-4819-154-4201102150-00006 PMID: 21320940; PubMed Central PMCID: PMCPMC3085402.

26.

Heagerty PJ, Lumley T, Pepe MS. Time-dependent ROC curves for censored survival data and a diagnostic marker. Biometrics. 2000; 56(2):337–44. PMID: 10877287.

27.

Yuen MF, Tanaka Y, Fong DY, Fung J, Wong DK, Yuen JC, et al. Independent risk factors and predictive score for the development of hepatocellular carcinoma in chronic hepatitis B. J Hepatol. 2009; 50
(1):80–8. https://doi.org/10.1016/j.jhep.2008.07.023 PMID: 18977053.

28.

Wong VW, Chan SL, Mo F, Chan TC, Loong HH, Wong GL, et al. Clinical scoring system to predict
hepatocellular carcinoma in chronic hepatitis B carriers. J Clin Oncol. 2010; 28(10):1660–5. https://doi.
org/10.1200/JCO.2009.26.2675 PMID: 20194845.

29.

Papatheodoridis G, Dalekos G, Sypsa V, Yurdaydin C, Buti M, Goulis J, et al. PAGE-B predicts the risk
of developing hepatocellular carcinoma in Caucasians with chronic hepatitis B on 5-year antiviral therapy. J Hepatol. 2016; 64(4):800–6. https://doi.org/10.1016/j.jhep.2015.11.035 PMID: 26678008.

30.

Shapiro RS, Katz R, Mendelson DS, Halton KP, Schwartz ME, Miller CM. Detection of hepatocellular
carcinoma in cirrhotic patients: sensitivity of CT and ultrasonography. J Ultrasound Med. 1996; 15
(7):497–502; quiz 3–4. PMID: 8803863.

31.

Bennett GL, Krinsky GA, Abitbol RJ, Kim SY, Theise ND, Teperman LW. Sonographic detection of
hepatocellular carcinoma and dysplastic nodules in cirrhosis: correlation of pretransplantation sonography and liver explant pathology in 200 patients. AJR Am J Roentgenol. 2002; 179(1):75–80. https://doi.
org/10.2214/ajr.179.1.1790075 PMID: 12076908.

32.

Papatheodoridis GV, Chan HL, Hansen BE, Janssen HL, Lampertico P. Risk of hepatocellular carcinoma in chronic hepatitis B: assessment and modification with current antiviral therapy. J Hepatol.
2015; 62(4):956–67. https://doi.org/10.1016/j.jhep.2015.01.002 PMID: 25595883.

33.

Flemming JA, Yang JD, Vittinghoff E, Kim WR, Terrault NA. Risk prediction of hepatocellular carcinoma
in patients with cirrhosis: the ADRESS-HCC risk model. Cancer. 2014; 120(22):3485–93. https://doi.
org/10.1002/cncr.28832 PMID: 25042049; PubMed Central PMCID: PMCPMC4553222.

34.

Jung KS, Kim SU, Ahn SH, Park YN, Kim DY, Park JY, et al. Risk assessment of hepatitis B virusrelated hepatocellular carcinoma development using liver stiffness measurement (FibroScan). Hepatology. 2011; 53(3):885–94. https://doi.org/10.1002/hep.24121 PMID: 21319193.

35.

Wong GL, Chan HL, Wong CK, Leung C, Chan CY, Ho PP, et al. Liver stiffness-based optimization of
hepatocellular carcinoma risk score in patients with chronic hepatitis B. J Hepatol. 2014; 60(2):339–45.
https://doi.org/10.1016/j.jhep.2013.09.029 PMID: 24128413.

36.

Jung KS, Kim SU, Song K, Park JY, Kim do Y, Ahn SH, et al. Validation of hepatitis B virus-related hepatocellular carcinoma prediction models in the era of antiviral therapy. Hepatology. 2015; 62(6):1757–66.
https://doi.org/10.1002/hep.28115 PMID: 26249025.

PLOS ONE | https://doi.org/10.1371/journal.pone.0190261 January 2, 2018

13 / 13

